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Cho01. &8dMHd

01. ojO|AH 7 otE 4
02. Ito|M 7Het &4 (Windows)

03. jupyter notebook AX| QU A2 A4
Ch 02. Cl|o|E] EtYnt HalM

01. 7|2 EfQ} 2l 40| 0|5} - 1

H = I__l_
02. 7|& ErY L B0 O3 - 2
03. 22t Etel o3l & &-&5t7|
04. Z/d EtY Olal - 1 (List)
05. Z/M EtY 0|3l - 2 (List)
06. Z2i4 EFY 0[3f - 3 (tuple)
07. Z4d EtY O[3l - 4 (dict)
08. ZaH EFY O3] - 5 (set)
Ch 03. ZUZ3 HYI=E
01. ZUZ(if, elif, else) E-25}7|
02. ZUE(if, elif, else) &&5}7|
03. HHE2.2 0|3l5t7]| (while) - 1
04. BL22 0|313t7|(while) - 2
05. BH2-2 0|5li5t7|(for), HEE2A| - 1
06. BF== Olati5t7|(for), Aa=Al -
07. ZUZ, BHEE 95 24| 20|
Ch 04, & OJsl L &8
01. 840 0|3 U &8, 7|2 T}2}0|E, 7S T}2t0|E O|5f, 40| AT 0|3 - 1
02. 842 0|3 L &8, 7|2 mj2to|E, 7|S Th2ta|E 0|3, #i4:0] ART 0|3 - 2
03. &2 Ola L &8, 7|2 Iet0|, 7|9 = Oi2t0|Ef O[5l B4 AT T O[5f - 3

o -

04. ZCt(lambda) g4
05. g+ ¢g &4 20|

Ch 05. ojO|H &

01. 29| Ola L AL}t import Y™

| olafl & AFESHY|
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Ch 06. S22t AAHA

01.
02.
03.
04.
. method, static method 2| & AtE35t7]
. BelA HE9| 0I5 (REE AMALESHY| 2)

c2eiA AR} 2G| ol 2 ALE

SajA & LEHE (object) 0|35}
SafA Zol Y AME35Y|
AAMZE(init_ ) O|a L AR5t

self 7|2/ =9| 0|5 B! At&3}7|

At re2E9| AFE - 1
HAEIAL re2EQ AR -2
YEHA DL re2E2| AL -3
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Ch.01 E2{'d HES3 2| AM

CHO00_00.
CHO0_01.
CHO00_02.
CHO1_01.
CHO1_02.
CHO1_03.
CHO1_04.
CHO02_01.
CHO02_02. [0
CH02_03.
CHO02_04.
CHO02_05.
CHO02_06.
CHO02_07.
CHO03_01.
CHO03_02.
CHO03_03.
CHO03_04.
CHO4_01.
CHO4_02.
CHO4_03.
CHO4_04.
CHO4_05.
CHO4_06.
CHO4_07.
CHO5_01.
CHO5_02.
CHO5_03.
CHO5_04.
CHO5_05.
CHO5_06.
CHO06_01.
CHO06_02.
CHO6_03.[+3¥
CHO7_01.[0|2Z<

Orientation

Introduction

Colaboratory

[0|2Z9|]Parameteric Functions and Datasets
[o]2Z9]]Artificial_Neurons

[+
[
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4

CHO7_02.[+8¥

CHO07_03.
CHO7_04.

A

[+&
ot
2o
o

+

7t
o=
2t
o=

FO|]Affine_Functions

fo|]Artificial_Neurons
to|]_Dense_Layers

I] The_First_Dense_Layer.
9|]_Generalized_Dense_Layers.
9|]_Minibatches_in_Dense_Layers.
9|]_Dense_Layers
©|]_Cascaded_Dense_Layers
9|]_Model_Implementation_with_Dense_Layers
9|]_Logit_and_Sigmoid.
9|]_Softmax_Layer
9|]_Binary_Classifiers
9|]_Multiclass_Classifiers

9|]_Mean_Squared_Error.
9|]_Binary_Cross_Entropy.
©|]_Categorical_Cross_Entropy
9|]_Toy_Datasets_for_Regression_and_Binary_Classification
9|]_Toy_Datasets_for_Multiclass_Classification.
9|]_MSE_and_BCE

9|]_SCCE_and_CCE
©|]_Image_Tensors_and_Classical_Correlation.
9|]_Computations_of_Conv_Layers.
9|]_Conv_Layers_for_Multichannel_Input
9|]_Conv2D_Layers

9|]_Conv2D_with_Filters
9|]_Model_Implementation_with_Conv2D_Layers

F9|]_Pooling_Layers

t9|]_Max_and_Average_Pooling_Layers
to|]_Padding_and_Strides
|]_Convolutional_Neural_Networks
fo|]_Shapes_in_CNNs.

9|]_CNN_Implementation

9]]_LeNet_Implementation
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Ch.02 Jacobian Matrix2t Backpropagation
CHOO0_01.0rientation
CHO1_01.Trainable_Variables_and_Gradients
CHO1_02.Gradient-based_Learning_Implementation

CHO1_03.Backpropagation
CHO1_04.Why_Jacobian_Matrices
CHO02_01.Rate_of_Changes
CHO02_02.Differentiation_and_Derivatives
CH02_03.Diff_of_Constant_and_Power_Functions
CHO02_04.Diff_of_Log_and_Exp_Functions
CHO02_05.Diff_of_Trigonometric_and_Piece-wise_Defined_Functions
CHO02_06.Constant_Multiplie_and_Sum_Rules
CHO02_07.LTI_System_and_Differentiation
CHO02_08.Product_and_Quotient_Rules
CHO02_09.Composite_Functions_and_Chain_Rule
CHO02_10.Backpropagation_Modules
CHO03_01.Multivariate_Functions
CHO03_02.Partial_Derivatives_and_Parameter_Updates
CHO03_03.Partial_Derivatives_and_Gradients
CHO03_04.Gradient_and_Parameter_Update

CHO03_05 . Jacobians_of_Affine_Functions
CHO03_06.Artificial_Neuron_and_Backpropagation
CHO03_07.Jacobians_for_Minibatches
CHO03_08.Jacobians_of _MSE_and_BCEE
CH03_09.Jacobians_of_CCEE
CHO03_10.Jacobians_of_Softmax

CHO4_01 Linear_Regression_(Theory)
CHO04_02.Linear_Regression_(Implementation, 1 Feature)
CHO4_03.Linear_Regression_(Implementation, N Features)
CHO04_04 Logistic_Regression_(Thoery)_and_Slgmoid_s_Params
CHO4_05.Properties_of_Logistic_Regression
CHO04_06.Logistic_Regression_(Implementation, 1 Feature)
CHO04_07 Logistic_Regression_(Implementation, n Features)
CHO5_01.Vector_Functions
CHO05_02.Jacobians_of_Vector_Functions
CHO5_03.Affine_Function_as_a_Vector_Function
CHO5_04 Affine_Function_as_a_Vector_Function2

CHO5_05.Jacobians_of_Softmax
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CHO06_01.Diagonal_Matrices
CHO06_02.Unary_Element-wise_Operations

CHO06_03.Jacobians_of_Activation_Functions

CHO06_04 .Backpropagation_within_Dense_Layers

CHO06_05 Artificial_Neuron_and_Mini-batches
CHO06_06.Binary_Element-wise_Operations
CHO06_07.Backpropagation_within_Loss_Functions
CHO7_01.Linear_Regression_with_Mini-batches_Theory
CHO07_02.Linear_Regression_with_Mini-batches_Implementation
CHO7_03.Logistic_Regression_with_Mini-batches
CHO08_01.Multipath_of_Functions

CHO08_02.Total_Derivative1

CH08_03.Total_Derivative2

CHO08_04 .Vector_Functions_and_Total_Derivative
CHO08_05.Linear_Logistics_Regression_and_Total_Derivatives
CH09_01.Introduction_to_Expanded_Jacobians

CH09_02 Keypoints_of_Expanded_Jacobians
CHO09_03.Unary_Element-wise_Operations_and_Expanded_Jacobians
CH09_04 Binary_Element-wise_Operations_and_Expanded_Jacobians
CH10_01.MSE_BCEE_and_Expanded_Jacobians
CH10_02.CCEE_and_Expanded_Jacobians
CH10_03.Softmax_and_Expanded_Jacobians
CH10_04.Matrix_Multiplication_Revisited
CH10_05.Matrix_Multiplication_and_Expanded_Jacobians
CH10_06.Bias_Addition_and_Expanded_Jacobians
CH11_01.MLP_Theory
CH11_02.Training_MLP_Using_Expanded_Jacobians
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Ch.03 [Appendix] 7|45t

CHO1_01.
CHO1_02.
CHO1_03.
CHO1_04.
CHO02_01.
CHO02_02.

CHO02_03.
CHO02_04.
CHO02_05.
CH02_06.
CHO02_07.
CHO02_08.
CHO02_09.
CHO2_10.
CHO2_11.
CHO03_01.
CHO03_02.
CHO03_03.
CHO03_04.
CHO03_05.
CHO03_06.
CHO03_07.
CHO4_01.
CHO04_02.
CHO4_03.
CHO4_04.
CHO4_05.
CHO4_06.
CHO04_07.
CHO4_08.
CHO4_09.
CHO4_10.
CHO4_11.
CHO4_12.
CHO4_13.
CHO4_14.

Orientation

Algebraic Properties

Identities and Inverses

Equations

Sets

Usages of Set

Cardinality of Sets

Inclusion and Exclusion

Unary Set Operations

Intersections and Unions1

Intersections and Unions2

Set Differences

Set Differences2

Cartesian Products

Partitions

Propositions

Logical Operations1

Logical Operations2

Logical Implications1

Logical Implications2

Logical Computations

Logical Computations2

Linear Equations

Linear Inequalities

Powers

Calculations of Powers

Quadratic Expressions

Multiplication Rules of Quadratic Expressions
Factorizations of Quadratic Expressions
Two Representations of Quadratic Expressions
Cubic Expressions

Polynomials

Multiplications, Divisions of Polynomials
Solutions of Quadratic Equations
Solutions of Cubic Equations

Solutions of Polynomial Equations
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CHO5_02. operations on intervals
CHO05_03. the coordinate plane

02 . CHO5_04. functions
CHO5_05. Composite, Inverse Functions

Ellol E.I AI-OI o.| A CHO5_06. Univariate Functions
L —

CHO5_07. Linear Functions(Slope a)

7|}_(—¢—3ﬁ|') CHO5_08. Linear Functions(y-intercept b)
CHO5_09. Fixed Parameters and Linear Functions
MEY £+ZFAI2F53:46:15 CHO5_10. Parallel, Perpendicular Lines

CHO5_11. Quadratic Functions

CHO5_12. Vertex Form and Graphs
CHO5_13. Vertices and Discriminants
CHO5_14. Cubic Functions

CHO5_15. Polynomial Functions

CHO5_16. Reflection of Functions

CHO5_17. Translations of Functions
CHO5_18. Dilations of Functions.

CHO5_19. Concatenations of Transformations
CHO5_20. Piecewise-defined Functions
CHO5_21. Symmetric Functions

CHO5_22. Properties of Symmetric Functions.
CHO5_23. Decomposing Functions into Even, Odd Functions
CHO5_24. Functions and Inequalities
CHO6_01. Rational Expressions

CHO06_02. Rational Expressions

CHO06_03. Rational Rational Functions
CHO06_04. More General Rational Functions
CHO06_05. Rational Expressions and Inequalities
CHO06_06. Irrational Expressions

CHO06_07. Properties of Roots

CHO06_08. Irrational Functions

CHO7_01. Exponentiations

CHO7_02. Exponentiations(2)

CHO07_03. Logarithms
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CHO7_04.
CHO7_05.
CHO7_06.
CHO07_07.
CHO7_08.
CHO7_09.
CHO7_10.
CHO7_11.
CHO08_01.
CHO08_02.
CHO08_03.
CHO08_04.
CHO08_05.
CHO08_06.
CHO08_07.
CHO08_08.
CHO08_09.
CHO8_10.
CHO8_11.
CHO09_01.
CHO09_02.
CHO09_03.
CHO09_04.
CHO09_05.
CHO09_06.
CHO09_07.
CHO09_08.
CH10_01.
CH10_02.
CH10_03.
CH10_04.
CH10_05.
CH11_01.
CH11_02.
CH11_03.
CH12_01.
CH12_02.
CH12_03.

Properties of Logarithm

Properties of Logarithm(2)
Properties of Logarithm(3)
Exponential Functions

Logarithmic Functions

Exponential, Logarithmic Equations
Increasing, Decreasing Functions
Exponential, Logarithmic Inequalities
Degrees and Radians

Deg2Rad and Rad2Degree
Trigonometric Ratios

Trigonometric Ratios on the Coord. Plane
Trigonometric Functions
Trigonometric Functions(2)
Transforms of Trigonometric Functions
Inverse Trigonometric Functions
Reciprocal Trigonometric Functions
Trigonometric Formulas(1)
Trigonometric Formulas(2)

Conic Sections

Circles

Mathematical Definition of Parabola
More General Parabolas

Parabola Exercises

Mathematical Definition of Ellipse
Equations of Ellipses

Hyperbolas

Bivariate Functions

Lines, Planes in the Coord. Space
Multivariate Functions

Linearity

Linear Systems

System of Equations

Systems of Linear Equations(1)
Systems of Inequalities

Composite Functions

Decomposing Composite Functions
Domains, Codomains of Composite Functions
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Ch 01_2132|50] it of3H

CHO1_01_Al_Machine Learning

CHO01_02_Data

CHO1_03_Artificial Neural Network
CHO1_04_Training Neural Networks
CHO1_05_Historical Review of Deep Learning

Ch 02_GE2{'d 71 =4

CHO02_01. Anaconda, TensorFlow, Pytorch &%|5t7|, Colab Jupyter Notebook

A2

CHO02_02. Numpy Tutorial 1
CHO02_03. Numpy Tutorial 2
CHO02_04. Numpy Tutorial 3

CHO02_05. Data AlZ+&t - Matplotlib 1
CHO02_06. Data A|Zt&t - Matplotlib 2
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Ch 03_HIMEZ2/72t2 0|2 ¥ H&
CHO03_01. TensorFlow Keras Basic

CHO03_02. Data pipeline

CHO03_03. Model

CHO03_04. Training Validation

CHO03_05. Model save & restore Tensorboard
Ch 04_T}0|£3| 0|2 U A&

CHO04_01. Pytorch Basic

CHO04_02. Dataset & DatalLoader Model
CHO04_03. Training Validation Model save & restore
CHO4_04. Tensorboard
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Ch 00. Introduction

CHO00_01. Z2| &7 - E2{'d0| LI27|7}4|

Ch 01. ML 7|z

CHO1_01. Al vs A2 vs Elg{d

CHO1_02. 7|14 &2 &7

CHO1_03. M3, 2A|AE! 5|3 12|11 log-likelihood
CHO1_04. 7|AIE&22 ZAHIE sl dsh= LEHA2l =X
CHO1_05. [Theory Session 1] 484 ¢|&d et At
CHO1_06. [Theory Session 2]Bias Variance Trade-off
CHO1_07. [Theory Session 3|3 E0|&2

CHO1_08. [Theory Session 4]Cross Entropy2t Maximum Likelihood
Estimation(MLE)

CHO1_09. [Alstehg] 2tastH £
Ch 02, Feedforward Network
CH02_01. Feedforward Network

CHO02_02. [Practice Session 0]-Google Colab

CHO02_03. [Practice Session 1]-MLP 73

CH02_03-TF-01. MLP ++& part 1 [Practice Session 1]
CHO2_03-TF-02. MLP #+& part 2 [Practice Session 1]

CHO02_04. [Theory Session 1] 1}

CHO02_05. [Theory Session 2] off I|EXQIE HEQI = 2235| 2=t
CHO2_06. [4at at5] st Z2 A==

Ch 03. Regularization

CHO03_01. Regularization 274

CH03_02. Noam?| gt Regularization

CH03_03. Y&

CHO03_04-Regularization-Dropout
CHO3_05-Regularization-Early-stopping
CHO03_06-Regularization-If2}0|E| 2F
CHO03_07-Regularization-Multi-task Learning
CHO3_08-Regularization-Adversarial Learning

rlo
n

A=

ol

CHO03_09-Regularization-Data Augmentation
CHO3_10-Regularization-Dropout 73 [Practice Session 1]
CHO3_11-Regularization-Early-stopping 7+® [Practice Session 2]
CHO03_10~11-TF-01. Dropout & Early-stopping 7+& [Practice Session 1-2]
CHO03_12-Regularization-L2-norm = Early-stopping [Theory Session 1]

CHO3_13-Reqgularization-Deep Double Descent ¢4} Regularization [Theory
Session 2]

CHO3_14-Regularization-[A3} &t&]

nN'

F5HH

olfy
rlo

A=

un
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Ch 04. Optimization
CH 04_01_2|43}9 |7H‘:=.|

CH 04_05_Stochastlc gradient descent

CH 04_06_Learning rate scheduler

CH 04_07_Normalization

CH 04_08_EC} L2 2[43IE ot & ¢ne|2s

CHO4_09. Weight & Bias Wandb 47l [Practice Session 0]

CHO4_10. Optimizer M&4 & Learning Rate Scheduler (part 1) [Practic Session 1]
CHO4_11. Optimizer MEH & Learning Rate Scheduler (part 2) [Practice Session 1]

CHO04_10~11-TF-01. Optimizer &4 & Learning Rate Scheduler (part 1) [Practice
Session 1]

CHO4_10~11-TF-02. Optimizer A& & Learning Rate Scheduler (part 2) [Practice
Session 1]

CHO4_12. [Alst st&)3tastH £
Ch 05. CNN

CHO5_01. Convolutional Neural Network

CHO5_02. CNNe| #4824

CHO05_03. CNN, going deeper

CHO5_04. Recent trends of CNN models

ch 05_05_CNN2| 8&

ch 05_06_29 stg Yol HEY (parallelism)

ch 05_07_CNN-Convolutional Neural Network && [Practice Session 1]
CHO5_07-TF-01. Convolutional Neural Network A& (part 1) [Practice Session 1]
CHO5_07-TF-02. Convolutional Neural Network A& (part 2) [Practice Session 1]
ch 05_08_EfficientNet Finetune [Practice Session 2]

CHO5_08-TF-01. EfficientNet Finetune (part 1) [Practice Session 2]
CHO5_08-TF-02. EfficientNet Finetune (part 2) [Practice Session 2]

ch 05_09_Pytorch-Lightning & Hydra-CNN part 1 [Practice Session 3]

ch 05_10_Pytorch-Lightning & Hydra-CNN part 2 [Practice Session 3]

ch 05_11_Pytorch-Lightning & Hydra-CNN part 3 [Practice Session 3]
CHO5_09~11-TF-01. Pytorch-Lightning & Hydra-CNN part 1 [Practice Session 3]
CHO5_09~11-TF-02. Pytorch-Lightning & Hydra-CNN part 2 [Practice Session 3]
ch 05_12_[de} shg] 2I15tH 22 At=5

aify
rlo
n

242
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Ch 06. RNN

ch 06_01_A|#HA (sequence) 22t RNN

ch 06_02_RNN-Backpropagation Through TimeZ} Long-term Dependency-
ch 06_03_RNN-LSTM & GRU

ch 06_04_RNN-Recurrent Netvvork9| =x3

ch 06_05_RNN-z2| && 7|8t &2t MH Y (Attention-based RNN)

ch 06_06_RNN-7|7 #elg -?—3._* LSTM sequence-to-sequence & part 1 [Practice
Session 1]

ch 06_07_RNN-7|A| HHEE 2|5t LSTM sequence-to-sequence 78 part 2 [Practice
Session 1]

ch 06_08_-RNN-7|2| HHS 2|5t LSTM sequence-to-sequence 7t part 3
[Practice Session 1]

CHO6_06~08-TF. 7| A S 2|5t RNN sequence-to-sequence 7+ part 1
[Practice Session 1]

ﬂJl

CH06_06~08-TF. 7| A #1212 2|3 RNN sequence-to-sequence 78 part 2
[Practice Session 1]

CHO6_06~08-TF. 7|A #
[Practice Session 1]

ch 06_09_RNN-7|7| & 2| Attention-based sequence-to-sequence &
[Practice Session 2]

CHO6_09-TF-01. 7|A| H1YS 2|5t Attention-based sequence-to-sequence 3
part 1 [Practice Session 2]

CHO6_09-TF-02 7|l HY S <5t Attention-based sequence-to-sequence -8 part
2 [Practice Session 2]

ch 06_10_RNN-[A3} &t5] 2t05tH 22 25

Ch 07. {Generative model series #1)> Autoregressive vs Autoencoder vs
Embedding vs Seq2Seq

ch 07_01_intro

ch 07_02_At7} 3|7 (auto-regressive) 22!

ch 07_03_2E QR (auto-encoder) 2&!

ch 07_04_H|% (embedding) 2 &

ch 07_05_Outro- Return to Seq2Seq

ch 07_06_[dst shg] 2I15tH 22 =5

IO

mlo

2|5t RNN sequence-to-sequence 7% part 2

oy
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Ch 08. EaHA X H(Transformer)
ch 08_01_Transformer
CHO08_02. Variations of Transformer

ch 08_03_7|A HEE 2|5t Transformer sequence-to-sequence 79

CHO8_03-TF-01. 7|4 HEES 2|8t Transformer sequence-to-sequence 3 part 1
[Practice Session 1]

CHO8_03-TF-02. 7|A| #1& 2I8t Transformer sequence-to-sequence -3 part 2
[Practice Session 1]

CHO8_04. [¢at stg] st E2 Al=S

Ch 09. Pretrained Large-Scale Transformer

CHOQ9_01. Pretrained Big Transformer?t L2 7|7} A|
CH09_02. Pre-trained Transformer Decoder - Generative pre-training(GPT)
CHO09_03. Pre-trained Transformer Encoder - BERTE 422
CHO09_04. Hybrid Methods

CHO9_05. [datetE] 2t15HH 22 Atzs

Ch 10. {Generative model series #2> Flow Models
CH10_01. Deep Generative Model2| &5

CH10_02. Flow®t =254 (objective function)

CH10_03. Variations of Flow Models

CH10_04. Dequantization

CH10_05. [A3} 85 216t 22 2j2S

Ch 11. {Generative model series #3) Latent Variable Models
CH11_01. & ¥4 2 (Latent Variable Models)

CH11_02. #H& ZZ(Variational Inference)

CH11_03. Variational Inference?| £&

CH11_04. Variational Autoencoder

CH11_05. VAEQS| &M &l 2EI=

CH11_06. VAE 7+ part 1[Practice Session 1]

CH11_07. VAE 7% part 2[Practice Session 1]

CH11_08. VAE ++& part 3[Practice Session 1]

CH 11-06~08-TF-01-_Generative model series #3_ Latent Variable Models-VAE
T+3i-part 1-[Practice Session 1]

CH 11-06~08-TF-02-_Generative model series #3_ Latent Variable Models-VAE
T+&i-part 2-[Practice Session 1]
CH11_09. [A3st atg] 2t051H £22 A=

nn
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Ch 12, {Generative model series #4) Implicit Models
CH12_01. Implicit Models(A|d 22!

CH12_02. Generative Moment Matching Network
CH12_03. Generative Adversarial Network(GAN)
CH12_04. GAN2| & - part 1

CH12_05. GANQ| 2 - part 2

CH12_06. GANQ| 728 part 1 [Practice Session 1]
CH12_07. GANS| 718 part 2 [Practice Session 1]
CH12_08. GAN2| & part 3 [Practice Session 1]
CH12_09. GAN2| 75 part 4 [Practice Session 1]

CH 12-06~09-TF-01-_Generative model series #4_ Implicit Models-GANS| 715
part 1 [Practice Session 1]

CH 12-06~09-TF-02-_Generative model series #4_ Implicit Models-GAN2| 73
part 2 [Practice Session 1]

CH12_10. [&&} SH&|I15HH 22 Al=2s

Ch 13. {Generative model series #5) Distribution Alignment
CH13_01. Distribution Alignment

CH13_02. Marginal Matching & Cycle Consistency(Dual Learning)
CH13_03. Variations & Application

CH13_04. [¢Js} et5]& 15 22 A8 S

Ch 14. Deep Metric Learning

CH14_01. Metric Learning

CH14_02. Deep Metric Learning?| £

CH14_03. Contrastive Learning2| 2= (SimCLR, Supervised Method)
CH14_04. [As} st&]3t0stH 22 X125

Ch 15. Deep Reinforcement Learning

CH15_01. Reinforcement Learning?| siA! 7i& part 1

CH15_02. Reinforcement Learning2| s+ 70'd part 2

CH15_03. Value-based Model-free RL

CH15_04. Policy-based Model-free RL

CH15_05. Off-policy Policy-based Model-free RL

CH15_06. Model-based RL

CH15_07. Representation Learning In Deep RL

CH15_08. [4at at&] st Z2 A==
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Ch 16. Meta Learning

CH16_01. Learning to Learn
CH16_02. Metric-based Meta Learning
CH16_03. Model-based Meta Learning
CH16_04. Optimization-based Meta Learning
CH16_05. Meta Reinforcement Learning

CH16_06. [&3t etg] 215t 22

Ch 17. Deep Learning Production

A=zs

CH17_01. Al 2&9o| £~ Z7|2t MLOps

CH17_02. MLOpsE #&t Component & Tool
CH17_03. [M3} at5] 2tstH 22

A=S

Ch 18. Research Topics for Productions

CH18_01. Model Compression(Quantization, Distillation, Pruning)
CH18_02. Overcoming Data Problem

CH18_03. Auto-ML
CH18_04. eXplainable AI(XAI)
Ch 19, O(x|O4

CH19_01. Next
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Ch 01. 0|0|2] 22| H&

CHO1_01. Oxford-IIT Pets Dataset 274
CHO1_02. Oxford-IIT Pets Dataset 274
CH02_01. Data Loader 2| 73
CH02_02. Model 2| +3

CH02_03. Training Script 2| 7%
CHO02_04. Data Augmentation
CHO02_05. Transfer Learning

CHO02_06. TensorFlow Hub

CH02_07. Multiclass Classification
CHO03_01. Image Segmentation 2| 474
CHO03_02. Loss &4=2| 1+3

CHO03_03. Data Loader 9| 73
CHO3_04. UNet 274

CHO3_05. UNet &t&

CHO03_06. TensorBoard € 0| &%t A|2tst
CHO3_07. Learning Rate 2# 2%
CHO03_08. Multiclass Segmentation
Ch02. 34 22| 45

CHO02_01. UCF11 Dataset 27
CH02_02. UCF11 Dataset EDA
CHO02_03. Data preparation - CNN approach
CHO02_04. Model training - CNN approach
CH02_05. Rolling Average 2| 4 &
CHO02_06. Data Preparation - RNN approach
CH02_07. Model training - RNN approach
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Ch 03. 2t210f 22| H&5-3R

CHO1_01.
CHO1_02.
CHO1_03.
CHO1_04.
CHO1_05.
CHO1_06.
CHO1_07.
CHO1_08.
CHO1_09.
CHO1_10.
CHO1_11.
CHO1_12.
CHO1_13.
CHO1_14.

O] 22| 74
CHSFA| ALY ATH

D75 CHSHAIAS NLU A% - MY

22| CISIA|AEI NLU A - o2 B2

SHAY UL NLU HE - 2 =2

A2k LSHA|AE NLU 5 - O0OD 23

S| CISHAIAE NLU A& - NLU A|AE 724
2225k CHSIA| A DM Al - NLG A|AEI LA

22 2|5F CIZA|AE DM AL - DM A|AE LA

2F ZHQ CHStA[AR HE - dg7|Eh g4

StO[E2|E CHOA|A'] - A|AH- 71

22 £F50 A= HStAAE- 7ls Y IAIO|E - DM
A2 FZ5H0 Us HSHA A 715 & QIAIO|E - NLU
A2 £FFI U= HSHAAE 7|5 L QIAIOIE - QIAIOIE
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dev_env_setting
IDEs
lectureO

lecture1
lecture_review
lecture2
lecture2_review
lecture3
lecture3_review
lecture4
lectured_review
lectureb
lecture5_review
lecture6
lecture6_review
lecture?
lecture7_review
lecture8
lecture8_review
lecture9
lecture9_review
lecture10
lecture10_review
lecture?1

lecture11_review
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lecture12

lecture13
lecture13_review
lecture14
lecture14_review
lecture15
lecture15_review
lecture16
lecture16_review
lecture17
lecture17_review
lecture18
lecture18_review
lecture19
lecture19_review
lecture20
lecture20_review

outro
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Why Graph?

Graph Al2722| S W& =5
Graph?|8te| 7| A|8t5 Tasket Features
Node Embedding

Graph Embedding

Graph Neural Network Layer

Going Deeper with GNN

GNN Application

lecture16_review

Deep Graph Generative Model

[detots] FstH 22 A8S
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